
PSYCHOLOGICAL SCALES scales.arabpsychology.com

UNIQUENESS

Authored by

mohammad looti

October 22, 2025

RECOMMENDED CITATION

mohammad looti (2025). UNIQUENESS. PSYCHOLOGICAL SCALES. Retrieved from

https://scales.arabpsychology.com/?p=54287

ARABPSYCHOLOGY.C
OM

https://scales.arabpsychology.com/?p=54287
https://scales.arabpsychology.com/?p=54287
https://scales.arabpsychology.com
https://scales.arabpsychology.com


UNIQUENESS 2

PSYCHOLOGICAL SCALES scales.arabpsychology.com

UNIQUENESS

Primary Disciplinary Field(s): Statistics, Psychometrics, Factor Analysis, Quantitative

Psychology

1. Core Definition

The concept of Uniqueness, particularly within the framework of Factor Analysis, represents the

portion of a measured variable's total variance that is not accounted for or shared by the common

underlying latent factors hypothesized within the system. In essence, it quantifies the degree to

which a specific measured variable (or indicator) stands apart from the shared influence exerted by

the latent constructs. Uniqueness is often denoted by the symbol $u^2$ or $U_j$ for the $j$-th

variable. A crucial aspect of uniqueness is its inverse relationship with the concept of

Communality ($h^2$), which represents the variance shared with the common factors. Therefore,

mathematically, uniqueness is defined as 1 minus communality ($U = 1 - h^2$). This relationship

fundamentally structures how researchers evaluate the composition of variance for any item in a

measurement model, dictating how much of what is measured truly reflects the common construct

versus idiosyncratic influences.

This statistical decomposition is vital because it allows researchers to isolate variance

components. When we measure a psychological construct--such as anxiety, intelligence, or

motivation--the observed score is presumed to be a composite of several sources of influence.

Ideally, a large proportion of the variance should be attributable to the target construct (common

factors). However, reality dictates that measurement instruments also capture noise, specific skills,

or unique biases not related to the common factors being extracted. Uniqueness specifically

encapsulates this non-common variance. A high uniqueness value for an item suggests that the

item is largely idiosyncratic, sharing very little reliable variance with the other items intended to

measure the same latent construct. Conversely, a low uniqueness value indicates that the variable

is highly saturated by the common factors, making it a strong indicator of the underlying construct.

Understanding the source and magnitude of uniqueness is paramount to validating psychometric

scales and models. If all items within a battery exhibit excessively high uniqueness, it casts serious

doubt on the theoretical premise that a single, unified latent factor underlies the measurements. In

such cases, the factor analysis may fail to yield a meaningful or interpretable structure, suggesting

that the items are measuring distinct constructs or that the measurement error is overwhelming the

true signal. Therefore, assessing uniqueness is one of the initial diagnostic steps in factor analytic

procedures, guiding decisions about item retention, modification, or the re-specification of the

theoretical model. It provides an immediate indicator of the measurement precision and shared

conceptual space among variables.
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2. Mathematical Formulation and Relationship to Communality

The mathematical definition of uniqueness hinges entirely on the concept of communality. In the

context of a standardized factor analysis, the total variance of a variable is equal to 1. This total

variance is partitioned into two mutually exclusive and exhaustive components: communality

($h^2$) and uniqueness ($u^2$). The formal expression is $1 = h^2 + u^2$. Communality is

defined as the sum of the squared factor loadings for that variable across all extracted common

factors. These factor loadings ($lambda_{jk}$) represent the strength of the linear relationship

between the $j$-th observed variable and the $k$-th common factor. Thus, $h^2_j =

sum_{k=1}^{m} lambda_{jk}^2$, where $m$ is the number of common factors. By extension,

uniqueness is calculated as $u^2_j = 1 - h^2_j$. This clear mathematical relationship ensures that

every piece of variance is accounted for, either as shared variance contributing to the underlying

structure or as variance unique to the specific variable.

When interpreting factor analytic results, the magnitude of the communality and, consequently, the

uniqueness, serves as a crucial metric for evaluating the quality of the measurement instrument. A

communality close to 1 implies uniqueness close to 0, signifying that nearly all the variance in that

item is explained by the common factors. This is the statistical ideal for a highly representative

item. Conversely, a communality close to 0 implies uniqueness close to 1, indicating that the item

is essentially uncorrelated with the common factors and is contributing almost nothing useful to the

measurement of the intended construct. In practical psychometric analysis, items with very low

communalities (and high uniqueness) are often considered candidates for removal from the scale,

as they weaken the overall factor structure and decrease the scale's internal consistency.

The precise estimation of these values is achieved through the iterative processes inherent in

factor extraction methods, such as Maximum Likelihood (ML) or Principal Axis Factoring (PAF).

These algorithms aim to estimate the parameters (loadings and communalities) that best

reproduce the observed correlation matrix, allowing the residual variance--the variance left

unexplained by the common factors--to be quantified as uniqueness. It is important to note that the

estimation of uniqueness is contingent upon the accuracy of the communality estimates. Different

methods of factor extraction employ different approaches to estimating the initial communality

values, which can slightly influence the final calculation of uniqueness. For instance, Principal

Components Analysis (PCA), which is mathematically distinct from common factor analysis, does

not estimate uniqueness; it assumes that all variance is common variance, thus $h^2 = 1$ and

$u^2 = 0$. This methodological distinction highlights that the concept of uniqueness is inherently

tied to the common factor model, which posits a separation between common and unique sources

of variability.
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3. Components of Uniqueness: Specific and Error Variance

While often treated as a singular residual term in introductory texts, Uniqueness is rigorously

conceptualized as being comprised of two distinct components: Specific Variance and Error

Variance. This decomposition is critical for theoretical psychometrics, particularly within classical

test theory (CTT) and generalizability theory. Specific variance is the reliable variance associated

with true, systematic features of the measured variable that are not shared with any of the other

variables in the factor analysis model. For example, if a test item measures general mathematical

ability (the common factor), the specific variance might be due to the unique cognitive strategy

employed to solve that specific problem type, which is consistently used by the test-taker but

irrelevant to other math problems in the battery.

The second component is Error Variance (or random error). This component represents the

unreliable and unsystematic variation in the observed scores. Sources of error variance include

transient states of the respondent (e.g., fatigue, distraction), momentary fluctuations in test

administration conditions, or simple random guessing. Error variance is, by definition, unsystematic

and uncorrelated with the true score or with the errors of other variables. In psychometric

modeling, error variance is the part of uniqueness that directly reduces the reliability of the

measurement. The total uniqueness, therefore, encompasses everything that makes a score

reliable but unique to the variable, plus everything that is entirely random and unreliable.

The practical difficulty lies in empirically separating specific variance from error variance within a

standard exploratory or confirmatory factor analysis (EFA or CFA). Factor analysis provides a

single estimate of $u^2$, the combined uniqueness. Advanced methodologies, such as Multi-Trait

Multi-Method (MTMM) matrices or latent variable models incorporating measurement error

explicitly, are required to estimate these components separately. However, for most applied

purposes, researchers interpret high uniqueness as indicating either poor item reliability (high error

variance) or that the item is measuring a substantial amount of specific, non-target variance. If the

item is known to be highly reliable (based on separate estimates like test-retest reliability), the

majority of the uniqueness is likely specific variance, suggesting the item is too specialized for the

intended factor. Conversely, if the item is known to be unreliable, the uniqueness is likely

dominated by error variance.

4. Theoretical Significance in Psychometrics

The theoretical significance of uniqueness permeates the fundamental assumptions of

measurement theory. Factor analysis is predicated on the idea that covariance among observed

variables is generated by shared latent factors. Uniqueness acts as the necessary complement to

this assumption, acknowledging that perfect correlation and perfect measurement are unattainable

ideals. It reinforces the notion that every measurement instrument, regardless of its quality,
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contains elements that are variable-specific or purely random noise. In the context of the strong

factor model, the assumption is that the residual correlation (after accounting for common factors)

should be zero. Uniqueness is the variance associated with these zero residual correlations,

solidifying the claim that the model has successfully captured all the shared systematic variance.

Furthermore, uniqueness provides a direct link between factor analysis and Classical Test Theory

(CTT), where the observed score ($X$) is decomposed into a true score ($T$) and error ($E$). In

CTT, reliability is often conceptualized as the proportion of true score variance. In the factor

analytic context, the common factor variance ($h^2$) corresponds conceptually to the reliable

variance shared with the construct, while the specific variance component of uniqueness

corresponds to reliable variance that is simply not shared. By understanding uniqueness,

psychometricians can better evaluate the construct validity of a scale. If a scale is designed to be

unidimensional (measuring one construct), high uniqueness across many items suggests poor

operationalization of that construct, as the items are failing to converge on the single latent trait.

The magnitude of uniqueness also dictates the necessary sample size and statistical power

required for stable factor solutions. Variables with very high uniqueness tend to have weaker factor

loadings, making their relationships with the latent variables difficult to estimate precisely,

especially in smaller samples. Therefore, researchers often strive to construct scales where item

uniqueness is minimized, maximizing the proportion of variance explained by the substantive

common factors. A well-constructed psychometric instrument is one that successfully minimizes

both measurement error and unwanted specific variance, funneling the maximum possible portion

of observed variance into the theoretical constructs of interest.

5. Historical Context of Factor Analysis and Uniqueness

The concept of uniqueness originated directly from the foundational work of Charles Spearman in

the early 20th century, particularly with his development of the two-factor theory of intelligence.

Spearman posited that performance on any mental test could be attributed to two sources: a single

general intelligence factor ($g$) common to all tests, and a specific factor ($s$) unique to each

particular test. This initial formulation established the critical partitioning of variance. Spearman

defined the general factor variance as communality and the specific factor variance, combined with

error, as the unique variance. This distinction provided the theoretical bedrock for all subsequent

factor analytic methodologies.

Following Spearman, Louis Thurstone expanded factor analysis into the domain of multiple factors,

creating the mathematical and conceptual framework for modern Exploratory Factor Analysis

(EFA). While Thurstone allowed for multiple common factors, the core principle of variance

decomposition remained intact: total variance must still be partitioned into variance explained by

the multiple common factors (communality) and the variance residual to those common factors
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(uniqueness). Thurstone's contribution was crucial because it formalized the iterative process of

communality estimation, recognizing that communality is not fixed but must be estimated from the

data based on the extracted factors. This estimation problem solidified the mathematical

importance of uniqueness as the remainder variance that the common factors cannot explain.

Throughout the latter half of the 20th century, the rise of powerful computational methods and the

refinement of Confirmatory Factor Analysis (CFA) led to more precise ways of modeling

uniqueness. In CFA, the researcher explicitly specifies which variables load onto which factors and

often specifies the correlations among error terms (a practice known as correlated uniqueness).

This modeling flexibility allows researchers to account for specific shared variance (e.g., method

effects) that might otherwise inflate the standard uniqueness term or distort the common factor

structure. The evolution from Spearman's simple $g$ and $s$ model to sophisticated CFA

frameworks demonstrates a continuous effort to better understand and model the components of

variance that contribute to uniqueness, acknowledging its critical role in assessing model fit and

measurement quality.

6. Implications for Model Fit and Interpretation

The magnitude and pattern of uniqueness values provide critical information regarding the overall

fit and interpretability of a factor analysis model. In both EFA and CFA, researchers assess how

well the proposed factor structure reproduces the observed correlation matrix. Uniqueness

represents the unexplained portion of the variance; therefore, a good model should minimize

overall uniqueness while ensuring that the residual correlations are small and unsystematic. If the

calculated uniqueness values are systematically high for a set of variables, it signals that the

chosen factor model is inadequate in capturing the systematic relationships among those

variables.

High uniqueness often leads to poor model fit statistics in CFA. When testing a model, fit indices

such as the Root Mean Square Error of Approximation (RMSEA) or the Comparative Fit Index

(CFI) rely on the accuracy of the reproduced covariance matrix. If unique variances are large, it

suggests that the common factors are not adequately explaining the observed covariances, leading

to large discrepancies between the observed and reproduced matrices. Furthermore, researchers

must be vigilant for Heywood cases, which represent an extreme and problematic scenario where

the calculated uniqueness is estimated to be zero or even negative (communality exceeds 1). A

Heywood case is a clear indicator of model misspecification, highly unreliable data, or small

sample size relative to the number of parameters, and requires remedial action such as

constraining the communality to a specific value or removing the problematic variable.

In interpretation, the uniqueness estimates help researchers identify potential weaknesses in their

scales. An item with high uniqueness might be poorly worded, confusing, or tapping into a
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construct entirely separate from the intended latent factor. Identifying items with high uniqueness

guides the revision process: researchers might refine the item wording, reconsider its inclusion in

the scale, or recognize that the item requires a separate, specific factor to account for its unique

variance. Conversely, items with very low uniqueness contribute maximally to the definition of the

common factor and provide the strongest evidence for the construct's validity. Therefore,

interpreting uniqueness is not just a numerical exercise but a substantive reflection on the

psychological or statistical meaning of the measured variable within the overall theoretical

framework.

7. Practical Considerations in Research Design

For researchers employing factor analysis, managing uniqueness begins long before data

collection, specifically during the instrument development phase. The goal of research design is to

create items that maximize common variance and minimize uniqueness. This is primarily achieved

through stringent item selection and ensuring high internal consistency. Items must be

conceptually clear and directly relevant to the latent construct they are intended to measure, thus

increasing their shared variance with other items and reducing specific variance. High-quality items

are expected to have low uniqueness estimates (typically below 0.6 or 0.7, although context

dictates acceptable thresholds).

During data analysis, researchers must also address potential issues related to sample size and

variable selection, both of which interact with uniqueness. If the sample size is small, the

estimation of factor loadings and, consequently, communalities and uniqueness can be highly

unstable. This instability can lead to inflated or deflated uniqueness estimates that do not reflect

the true population parameters. Furthermore, the inclusion of variables that are only weakly

correlated with the other variables in the set will inevitably lead to high uniqueness for those

isolated variables. Practical guidelines often suggest using at least three or four indicators per

factor to provide sufficient shared variance to reliably estimate the common factor structure and

minimize the residual variance captured by uniqueness.

Finally, the choice of factor extraction method has practical implications for the resulting

uniqueness values. For example, using Principal Axis Factoring (PAF) starts by estimating

communalities, explicitly seeking to model only the common variance and leaving the unique

variance as residual. In contrast, Principal Components Analysis (PCA) assumes all variance is

common, artificially setting uniqueness to zero. Therefore, researchers must consciously select an

appropriate factor model (common factor analysis) if they intend to use uniqueness as a key

diagnostic tool to understand measurement error and specific variance. Careful adherence to best

practices in psychometric scale construction is the most effective way to ensure that uniqueness

estimates are low and accurately reflect only irreducible measurement error.
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8. Contrast with Common Variance and Other Statistical Concepts

To fully appreciate uniqueness, it must be contrasted sharply with related concepts, primarily

Common Variance and Total Variance. Total variance is simply the sum of all variability in an

observed variable. In a standardized variable, the total variance equals 1. Common variance

($h^2$, or communality) is the shared portion of the total variance that is systematically related to

the common latent factors. Uniqueness ($u^2$) is the systematic remainder--the portion of

variance that is specific to the observed variable and uncorrelated with the common factors. The

relationship is always additive: Total Variance = Common Variance + Uniqueness.

Uniqueness also differs significantly from Reliability, although the two concepts are closely

intertwined. Reliability refers to the consistency and stability of a measurement. If a measurement

is unreliable (high error variance), its uniqueness will necessarily be high. However, a highly

reliable measure can still have high uniqueness if the item is measuring systematic variance

(specific variance) that is not shared with the target construct. For example, a reaction time test

might reliably measure a specific motor skill (high reliability), but if the common factor is general

cognitive ability, that specific motor skill variance will contribute to the item's uniqueness because it

is reliable but not shared with the other, purely cognitive items.

Furthermore, uniqueness should not be confused with the Residuals in regression analysis,

although both involve unexplained variance. In regression, the residual is the difference between

the observed outcome value and the value predicted by the independent variables. In factor

analysis, uniqueness is the portion of the observed variable's variance that is left over after all

common latent factors have been extracted. While both concepts represent unexplained variance,

uniqueness pertains to the composition of the measured variable itself relative to the entire factor

structure, whereas the regression residual pertains to the prediction error of a criterion variable.

Understanding these distinctions is fundamental for accurate interpretation of factor analytic

results, ensuring that researchers attribute variance to the correct theoretical source.

Further Reading

Factor Analysis (Wikipedia)

Variance (Wikipedia)

Communality (Wikipedia)
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