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What is the difference between mean absolute deviation and standard deviation?

In the realm of statistics and data analysis, understanding how data points are spread out is just as
critical as knowing their central tendency. Measures of dispersion, sometimes referred to as
measures of variability, provide crucial insights into the distribution of a dataset. They quantify the
extent to which individual observations deviate from the center, typically the mean. Two of the most
widely used metrics for this purpose are the mean absolute deviation (MAD) and the standard
deviation (SD).

While both the MAD and the SD serve the common goal of measuring data spread, their
methodologies and interpretations differ significantly, leading to varying levels of sensitivity to data
characteristics, particularly the presence of extreme values. A clear grasp of these differences is
essential for accurately interpreting statistical models and making robust decisions based on data.
Fundamentally, both metrics aim to distill the complexity of data distribution into a single,
representative number that indicates the typical distance between data points and the central
average.

This comprehensive analysis will delve into the mathematical underpinnings, computational
differences, and practical implications of utilizing the mean absolute deviation versus the standard

deviation. We will explore how each metric treats deviations from the mean, illustrating why the
process of squaring deviations in SD yields a different result compared to simply taking the
absolute value of deviations in MAD. By the end of this discussion, readers will possess the
expertise required to select the appropriate measure of dispersion based on the specific context
and characteristics of their dataset.

The Foundation: Mean Absolute Deviation (MAD) Explained

The mean absolute deviation, often abbreviated as MAD, is perhaps the most conceptually intuitive

measure of variability. It represents the average distance between each data point in a set and the
mean of that set. The calculation strictly adheres to the definition: find the deviation, make it
positive (absolute), and then find the average (mean) of those positive deviations. This
straightforward approach ensures that the resulting measure is expressed in the original units of
measurement, making it highly interpretable for non-statistical audiences.

The process begins by calculating the arithmetic mean of the dataset. Subsequently, for every
observation, we determine the absolute difference between that observation and the calculated
mean. By using the absolute value, we ensure that negative deviations (points below the mean)
and positive deviations (points above the mean) do not cancel each other out when summed. This
is a crucial step; if deviations were summed without taking the absolute value, the result would
always be zero, rendering the metric useless for assessing spread. The final step involves dividing
the total sum of these absolute differences by the number of observations, yielding the average
absolute deviation.
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Because the MAD utilizes absolute values, it treats all deviations linearly. A data point that is two
units away from the mean contributes exactly twice as much to the MAD calculation as a data point
that is one unit away. This characteristic makes the MAD robust against the extreme influence of
individual observations. In essence, the MAD provides a reliable, average measure of the typical
deviation, making it an excellent choice when interpretability and resistance to extreme values are
prioritized over mathematical tractability in advanced statistical modeling.

The Alternative: Understanding Standard Deviation (SD)

The standard deviation, denoted by the Greek letter sigma (o) for a population or 's' for a sample,

is arguably the most common and statistically significant measure of dispersion. Like the MAD, SD
measures the spread of data points around the mean. However, its calculation method involves
squaring the differences between each data point and the mean, which introduces powerful
mathematical properties and implications for how variability is weighted.

The SD calculation starts similarly to MAD: finding the difference (deviation) between each data
point and the mean. Instead of taking the absolute value, these differences are squared. Squaring
serves two critical functions: first, it eliminates negative signs, much like the absolute value
function; second, and more importantly, it penalizes larger deviations much more heavily than
smaller ones. This effect causes observations far from the mean (potential outliers) to exert a
disproportionately large influence on the final result.

After summing the squared differences, the result is divided by the number of observations (or
$n-1$ for sample standard deviation) to find the variance. Since squaring the deviations changed
the units of measurement (e.g., from meters to square meters), the final step in calculating the
standard deviation is taking the square root of the variance. This crucial step returns the
measurement back to the original units, facilitating comparison with the mean and enhancing
practical interpretability, although the underlying sensitivity to large deviations remains a core
characteristic of the SD.

Mathematical Derivations: Formulas and Notation

Understanding the exact formulas governing these two measures is essential for appreciating their
structural differences. Both formulas rely on the concept of the arithmetic mean, denoted by
$bhar{x}$ (read as 'x-bar'), and individual data points, $x_i$. $N$ or $n$ represents the total number
of observations in the dataset.

The formula for the Mean Absolute Deviation (MAD) is derived from the definition of the average
absolute distance. It is expressed succinctly as:

Mean Absolute Deviation = (Z | xi-x?|)/n
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In this equation, the summation () operates over the absolute differences between each
observation ($x_i$) and the mean ($bar{x}$). The result is divided by the total number of data
points ($n$), yielding a linear average of the magnitude of deviations. This simplicity in calculation
is a key advantage of MAD, as it directly reflects the average error or spread in the dataset without
complex transformations.

Conversely, the formula for the Standard Deviation (SD) is significantly more complex due to the
squaring and subsequent square root operation. For population standard deviation ($sigma$):

Standard Deviation (o) = V( Z(xi - x?)2/N)

Here, the core operation is the squaring of the differences ($x_i - bar{x}$) which forms the basis of
the variance (the term inside the square root). By squaring the differences, we move away from a
linear model of deviation to a quadratic one. The final square root is applied to reverse the
squaring effect on the units, ensuring that the standard deviation remains mathematically

consistent with the original scale of the data. This quadratic transformation is the fundamental
mathematical distinction between MAD and SD.

Core Similarities and Fundamental Differences in Calculation

As suggested by their names, both metrics fundamentally quantify the typical deviation of
observations from the central measure, or the mean, within a given dataset. This common
objective classifies both MAD and SD as measures of dispersion. They both provide a single,

summary statistic that indicates whether the data points are tightly clustered or widely scattered
around the average value. A smaller value for either metric signifies low variability, while a larger
value suggests a high degree of spread.

However, the critical difference lies in the specific mathematical tool used to handle the negative
deviations: the MAD uses the absolute value function ($|x|$) while the SD uses the squaring
function ($x72$). The choice between these two methods has profound implications for the
resulting value. The use of the absolute value in MAD maintains a direct, proportional relationship
between the size of the deviation and its contribution to the final measure. This is known as a linear
deviation measurement.

In contrast, the use of squaring in standard deviation fundamentally changes this relationship.

Since squaring emphasizes larger numbers, the contribution of an observation that is far from the
mean grows quadratically. For instance, a deviation of 10 contributes 100 to the sum of squares,
whereas a deviation of 5 contributes only 25. This disproportionate weighting means that SD is
inherently more sensitive to large deviations and extreme values than the mean absolute deviation.
Consequently, the standard deviation will always be mathematically greater than or equal to the
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mean absolute deviation for any given dataset, a relationship rooted entirely in the amplification
effect of squaring.

The Impact of Squaring: Why SD Amplifies Variation

The mathematical operation of squaring the deviations is the key mechanism that grants standard
deviation its unique properties and utility within higher-level statistics. When a value is squared, its
magnitude is amplified. If the deviation is small (between 0 and 1), squaring reduces its magnitude;
however, in practical data analysis involving dispersion, deviations are often larger than 1, and in
these cases, squaring significantly increases the influence of that deviation on the final sum.

This amplification of large deviations means that the standard deviation inherently places a heavier
penalty on extreme data points compared to the mean absolute deviation. SD effectively signals

that variation far from the center is more consequential than variation close to the center. This
characteristic makes SD particularly useful in inferential statistics, where the mathematical
elegance provided by the squaring operation is paramount. Squaring allows the variance (the
component of SD before the square root) to be easily manipulated algebraically, making SD
essential in areas like regression analysis, ANOVA, and hypothesis testing, where mathematical
tractability is highly valued.

The difference in how these metrics handle deviations is also related to the theoretical basis of
least squares estimation. The standard deviation is closely tied to the concept of minimizing the
sum of squared errors, a principle fundamental to linear regression. By contrast, the mean absolute
deviation minimizes the sum of absolute errors. While MAD is theoretically simpler and more
robust to extreme values, the squaring operation in SD provides the mathematical smoothness
(differentiability) required for many advanced optimization and modeling techniques, cementing the
SD's place as the default measure in classical statistical inference.

Comprehensive Example: Calculating MAD vs. SD

To solidify the theoretical differences, let us examine a concrete example demonstrating the
calculation of both the mean absolute deviation and the standard deviation using a sample dataset.
Suppose we have the following set of eight values representing test scores:
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Dataset

11
14
17
24

The first step for both calculations is determining the arithmetic mean ($bar{x}$). Summing the
values (3 +5+ 6 +8 + 11 + 14 + 17 + 24) yields 88. Dividing this sum by the number of
observations (8) gives us a mean of 11.

Next, we calculate the Mean Absolute Deviation (MAD). This involves finding the absolute
difference between each score and the mean (11), summing those differences, and dividing by 8:

Differences: |3-11], |5-11]|, |6-11], |8-11], |11-11], |14-11]|, |17-11], |24-11]|
Absolute Differences: 8, 6, 5, 3,0, 3, 6, 13

Summing the absolute differences yields 44. Dividing by $n=8%: $44 / 8 = 5.53.
The calculation is summarized as:

Mean Absolute Deviation = (|3-11| + |5-11| + |6-11] + [8-11| + |11-11| + |14-11| + |17-11] +
|[24-11]) / 8 =5.5.

Now, we calculate the Standard Deviation (SD). We square the differences, sum the squares,
divide by $n=8$, and take the square root. (Note: We use population SD formula here for
simplicity, dividing by $n$):

Squared Differences: $(-8)"2, (-6)"2, (-5)"2, (-3)*2, (0)"2, (3)"2, (6)"2, (13)"2%
Squared Values: 64, 36, 25, 9, 0, 9, 36, 169

Summing the squared differences yields $64 + 36 + 25+ 9 + 0 + 9 + 36 + 169 = 348%. The
variance is $348 / 8 = 43.5%. Taking the square root of the variance: $sqrt{43.5} approx 6.595%.

The calculation is summarized as:
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Standard Deviation = V(((3-11)2 + (5-11)2 + (6-11)2 + (8-11)2 + (11-11)2 + (14-11)2 + (17-11)2 +
(24-11)2) / 8) = 6.595.

As predicted by the mathematical principles, the standard deviation (6.595) is greater than the
mean absolute deviation (5.5) for this dataset, illustrating the impact of the squaring operation on
variability measurement.

The Role of Outliers: Sensitivity Analysis

One of the most crucial distinguishing features between MAD and SD is their respective sensitivity
to outliers, or extreme values that lie far outside the typical range of the dataset. Because the
calculation of the standard deviation involves squaring the deviations, extreme values, which
produce large deviations, contribute exponentially more to the overall measure of spread. This
makes the standard deviation highly sensitive to the presence of outliers.

In contrast, the mean absolute deviation, relying solely on absolute values, treats all deviations
linearly. An outlier that is 50 units away from the mean contributes exactly 50 units to the sum of
absolute differences. In the SD calculation, that same 50-unit deviation would contribute 2,500
units (50 squared) to the variance sum, before the final square root is taken. This exponential
increase ensures that the standard deviation is significantly pulled upward by even a single
extreme data point.

Consider the impact when we introduce an extreme outlier into our previous dataset, drastically
changing the last value:

Dataset

11

14

17
200

In this modified dataset, the presence of the extreme outlier causes the Standard Deviation to
inflate dramatically, resulting in a value of 63.27. The Mean Absolute Deviation, while also
increasing due to the outlier, remains comparatively restrained at 41.75. The substantial difference
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between these two results highlights the inherent bias of SD toward emphasizing volatility caused

by extremes. When a dataset is known to contain significant outliers or is highly skewed, the MAD
often provides a more robust and representative measure of typical dispersion than the SD.

Conclusion: Choosing the Right Metric for Your Data

The choice between the mean absolute deviation (MAD) and the standard deviation (SD)
hinges entirely on the analytical goals and the nature of the data being examined. Both are

powerful measures of dispersion, but they serve different mathematical and interpretative
purposes. If the primary goal is statistical modeling, hypothesis testing, or working within
theoretical frameworks that rely on the least squares method and algebraic tractability, the
standard deviation remains the preferred and standard choice.

Conversely, if the dataset is prone to extreme outliers, or if the priority is clear, intuitive

interpretability for a general audience, the mean absolute deviation is often superior. The MAD
provides a straightforward measure of the average error, which is less sensitive to extreme values,
offering a more stable measure of central dispersion. Furthermore, MAD is directly related to
median absolute deviation (MD), a metric highly valued in robust statistics.

Ultimately, a sophisticated data analyst should be familiar with both metrics and understand the
implications of the squaring function versus the absolute value function. The standard deviation,
with its quadratic penalty on deviations, highlights volatility and fits neatly into classical statistical
theory, while the mean absolute deviation, with its linear measurement, provides a more resistant
and intuitively graspable measure of typical spread. Understanding this fundamental difference
ensures that the chosen metric accurately reflects the underlying variation within the data.
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