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How to Display Matplotlib Plots Directly in Jupyter Notebook

The seemingly simple declaration %mat pl otli b inline is a fundamental component for data
visualization when working within the Jupyter Notebook environment. This command is critical

because it dictates how graphical output generated by the industry-standard visualization library,
Matplotlib, should be handled and displayed within the web-based interface.

In essence, %mat pl otlib inline ensures that the results of plotting functions are rendered
immediately below the code cell that executes them. This is often taken for granted by new users,
but without this specific directive, plots might not appear at all, or they might attempt to open in a
separate window, depending on the system configuration and the default settings of the
environment. Understanding this command is crucial for anyone performing exploratory data
analysis or developing visual reports in Python.

This tutorial delves deeply into the function, necessity, and best practices associated with the
%rat pl otlib inline Magic Command. We will explore why Matplotlib requires a backend,

illustrate the practical difference this command makes, and demonstrate its proper placement
within a typical data analysis workflow. Ultimately, mastering this small line of code is key to a
smooth and integrated visualization experience in interactive computing environments.

Understanding the IPython Magic Command System

To fully appreciate the function of %at pl ot I i b i nl i ne, we must first understand the concept of
Magic Commands. These are specialized commands introduced by the IPython kernel, which

serves as the computational engine for Jupyter Notebooks. Unlike standard Python code, Magic
Commands are prefixed with a percent sign (%9 or double percent signs (%89 and are designed to
perform operations specific to the interactive environment, such as controlling execution, timing
code, or, in this case, managing visualization output.

There are two main categories of Magic Commands: line magics (prefixed with 99, which operate
only on the single line of code where they appear, and cell magics (prefixed with %849, which apply
to the entire code cell. %rat pl ot i b inline is a line magic, focusing its influence on the session
settings. It fundamentally changes the environment's configuration for how plots are generated and
rendered, often acting as a toggle for specific functionalities within the interactive computing
platform.

The primary advantage of using these commands is their ability to streamline common interactive
tasks without requiring verbose Python function calls. For data scientists and analysts, commands
like %mat pl otlib inline elimnate configuration headaches and allow immediate focus on
analysis and visualization, greatly improving the workflow efficiency within an IDE like Jupyter.
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The Critical Role of Matplotlib Backends

The core functionality of %t pl otlib inline is tied directly to the concept of Matplotlib
Backends. Matplotlib is designed to be highly versatile, capable of generating visualizations for

various outputs, including static files (like PNGs or PDFs) and interactive graphical user interface
(GUI) applications. A "backend" is essentially the rendering layer--the software component that
takes the abstract plot data and translates it into a visible image.

When Matplotlib is running outside an interactive environment (e.g., in a standard Python script), it
often uses a non-interactive backend that saves the plot to a file, or it might rely on a GUI toolkit
(like Tkinter, Qt, or Wx) to display the plot in a new window. However, the Jupyter Notebook

interface is web-based and requires a specific type of rendering mechanism that can embed the
graphical output directly into the HTML document being displayed in the browser.

By issuing the %t pl ot I i b i nl i ne command, we are explicitly instructing Matplotlib to use the
'inline' backend. This backend is specifically designed for the environment, converting the
generated plot into a static image (usually PNG or SVG format) and embedding that image directly
within the output cell. This ensures a seamless, integrated display where code, output, and
visualizations coexist immediately below one another.

Defining "Inline" Display and Persistence

The term "inline" is descriptive of the result: the plot is displayed within the line of output generated
by the preceding code. This method contrasts sharply with external display methods, such as
those used by desktop applications where executing a plotting command might pop up an entirely
new window managed by a separate GUI framework. The official documentation often highlights
this feature:

To ensure plots are displayed and stored correctly within your interactive computing session, use
the following directive:

%matplotlib inline

This approach offers significant benefits, particularly for reproducibility and documentation:

With this backend, the output of plotting commands is displayed inline within frontends like the
Jupyter Notebook, directly below the code cell that produced it. The resulting plots will then also be

stored in the notebook document, making the entire analysis--including the visual results--self-
contained and easily shareable.

Furthermore, the %t pl otli b inli ne setting is persistent for the duration of the kernel session.

PSYCHOLOGICAL SCALES scales.arabpsychology.com



https://matplotlib.org/stable/users/explain/backends_intro.html
https://matplotlib.org/stable/users/explain/backends_intro.html
https://matplotlib.org/
https://www.python.org/
https://jupyter.org/
https://jupyter.org/
https://scales.arabpsychology.com/?p=103811
https://scales.arabpsychology.com
https://scales.arabpsychology.com

How to Display Matplotlib Plots Directly in Jupyter Notebook

Once this magic command is executed in one cell, all subsequent plotting code executed in other
cells will also display its output inline, eliminating the need to repeat the command for every
visualization generated within the notebook.

Case Study: Troubleshooting Missing Plots in Jupyter

One of the most common issues encountered by users is executing valid plotting code in a Jupyter
Notebook only to receive textual output or perhaps a cryptic memory reference instead of the
expected visualization. This usually occurs when the environment has not been correctly initialized
to handle graphical output in a web-based format. We can demonstrate this by examining a
scenario where %at pl ot I i b i nl i ne is omitted.

Consider a standard Matplotlib script designed to create a simple line chart. If we attempt to run
this code in a Jupyter cell without first setting the inline backend, the system will execute the
plotting commands successfully, but it won't have the necessary instructions to display the
resulting object in the browser window. The core problem is that the Python kernel creates the plot
object in memory but doesn't automatically trigger the display mechanism required by the frontend.

We will examine the initial attempt to generate a plot. Notice how the code imports pypl ot , defines
the data arrays x and y, and calls pl t . pl ot () :

import matplotlib.pyplot as plt

#define x and y
X =
y =

#attempt to create line plot of x and y
plt.plot(x, y)
Analyzing the Output Without Inline Configuration

When the code above is executed without the magic command, the output in the notebook cell
might look something like this, often displaying a textual reference to the plot object rather than the
visual graph itself:
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In [1]: M dimport matplotlib.pyplot as plt

#define x and y
x = [1, 6, 10]
y = [5, 13, 27]

#attempt to create scatter plot of x and y
plt.plot(x, y)

Out[1]: [<matplotlib.lines.Line2D at @x7f304347afde>]

The crucial observation here is that the code runs without any errors. This confirms that the
installation of Matplotlib is correct, and the underlying computation successfully created the plot
structure. However, because the backend was not configured to render the output specifically for
the web environment, no actual line plot visualization is displayed inline with the code. This is the
classic symptom indicating the need for a backend configuration change.

In environments where Matplotlib might default to a non-interactive backend, this output signifies
that the plot is technically ready, but the interactive display mechanism remains inactive. The
solution is straightforward and involves invoking the power of the Magic Command system to

switch to the appropriate display backend.

The Solution: Activating the Inline Backend

To resolve the issue, we must include the %matplotlib inline command at the very beginning of
the cell, ensuring it executes before any attempt is made to import or use Matplotlib functions. This
command must be executed within the session before any other plotting commands are issued, as
it sets up the necessary hooks and configurations that Matplotlib relies upon for output rendering.

By placing %matplotlib inline first, we are immediately telling the IPython kernel, and
consequently the Matplotlib library, that all subsequent plotting activity within this notebook session
should utilize the web-friendly inline backend. This forces the plot object to be converted into an
image format and embedded directly into the cell output, thus achieving the desired visualization:

%matplotlib inline
import matplotlib.pyplot as plt

#define x and y
X =
y =
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#create scatter plot of x and y
plt.plot(x, y)
Verifying the Successful Inline Visualization

Upon re-running the cell with the addition of the magic command, the Jupyter Notebook now
correctly renders the visual output. The image is displayed immediately below the code, fulfilling

the promise of an integrated environment:

In [2]: M %matplotlib inline

In [3]: M dimport matplotlib.pyplot as plt

#define x and y
x = [1, 6, 10]
y = [5, 13, 27]

#attempt to create scatter plot of x and y
plt.plot(x, y)

Out[3]: [<matplotlib.lines.Line2D at ©x7f303b374668>]

25 1

20 1

10 1

Notice that the code runs without error and, crucially, the plot is now displayed inline in the
notebook. This result confirms that the 'inline' backend successfully captured the graphical output
from the plt. pl ot () command, converted it into a displayable image, and inserted it into the
HTML output stream of the notebook cell. This feature is paramount for creating reproducible and
easily shareable data analysis reports, as the visualizations are permanently embedded within the
. i pynb file structure.
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Alternatives to the Inline Backend

While %mat pl otlib inline remains the default and most widely used solution for static
visualization in Jupyter environments, it is important to recognize that it is not the only option for
graphical output. The choice of backend depends entirely on the desired interactivity and
deployment environment.

For scenarios requiring high interactivity--where users need to zoom, pan, or manipulate the plot
dynamically--alternative backends are necessary. For instance, the command %t pl otlib
not ebook initiates an interactive backend that allows limited GUI interaction directly within the
notebook interface. This is often preferred for deep exploratory analysis where immediate visual
feedback and manipulation are necessary. Another modern option is the %mat pl ot i b wi dget,
often requiring external installation of the i pynpl library, which provides robust, full-featured
interactive plots using Matplotlib Backends integrated with Jupyter widgets.

It is important to remember that switching between backends can sometimes require restarting the
kernel, especially if the new backend relies on specific event loops or environmental setups. For
most documentation and basic analysis purposes, however, the %matplotlib inline command
provides the perfect balance of simplicity, reliability, and excellent integration within the static
narrative of a Jupyter Notebook document.

Summary of Best Practices

To summarize the proper utilization of the %t pl ot li b i nl i ne command within the interactive
computing environment, adhere to the following key principles to ensure smooth visualization
generation and storage:

Placement is Key: Always execute %t pl otlib inline in a cell before importing or using
mat pl ot | i b. pypl ot or any other plotting utilities, especially if the notebook environment hasn't
been pre-configured.

Persistence: Recognize that this Magic Command only needs to be run once per kernel session.

Its effect is global and will apply to all subsequent cells in the Jupyter Notebook.

Static Output: Understand that the 'inline' backend generates static image files (PNG or SVG)
embedded directly into the notebook. If you require interactive features like zooming or panning,
you must switch to an alternative backend like %rat pl ot i b not ebook.

Troubleshooting: If your code executes successfully but no plot appears, %rat pl otli b inline
is the primary solution, confirming that the plot was created in memory but failed to render due to
an unconfigured backend.
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Mastering this simple Magic Command is essential for effective data visualization in Python's
interactive environment. For further reading on related topics and advanced data manipulation

techniques, consider exploring the following resources.
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