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How to Easily Check the 5 Key Assumptions for Pearson Correlation

Before conducting any statistical analysis, it is essential to confirm that your data meets the

underlying criteria required by the chosen test. For the Pearson correlation coefficient, a powerful
tool for quantifying linear relationships, five core assumptions must be satisfied. Failing to meet
these prerequisites can lead to misleading or invalid results, undermining the reliability of your
research findings.

Understanding the Pearson Correlation Coefficient

The Pearson correlation coefficient, often referred to as Pearson's r or the product-moment

correlation coefficient, is a crucial statistical measure used to assess the strength and direction of
the linear relationship between two continuous variables. Its value is standardized, making it easy

to interpret across different datasets.

This coefficient always yields a value ranging from -1 to 1, providing a clear indication of how the
variables covary:

A value of -1 signifies a perfectly negative linear relationship, meaning as one variable increases,

the other decreases consistently.
A value of 0 indicates absolutely no linear correlation between the two variables.

A value of 1 denotes a perfectly positive linear relationship, where both variables increase or

decrease together consistently.

To ensure the validity and interpretability of Pearson's r, we must verify that the following five
foundational assumptions are met. We will explore each in detail, providing guidance on how to
check them using visualization and statistical testing.

The five assumptions crucial for the calculation and interpretation of the Pearson correlation

coefficient are:

Level of Measurement: Both variables must be continuous (measured at the interval or ratio

level).

Linear Relationship: The relationship between the variables must be linear, not curvilinear or
random.

Normality: Both variables should approximate a normal distribution.

Related Pairs: Observations must consist of paired data points (e.g., one X value corresponds to
one Y value).
Absence of Outliers: Extreme outliers must not unduly influence the analysis.

Below, we delve into the practical implications of each assumption and outline the appropriate
methods for checking them within your dataset.
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Assumption 1: Appropriate Level of Measurement

The Pearson correlation coefficient is designed specifically for data measured on a continuous
scale. Therefore, the first crucial assumption dictates that both variables under examination must

be measured either at the interval level or the ratio level. These levels of measurement are
characterized by meaningful, equal distances between adjacent scale points, allowing for
appropriate mathematical operations necessary for correlation calculation, such as averaging and
variance calculation.

Understanding the distinction between the four primary levels of measurement--nominal, ordinal,
interval, and ratio--is vital for selecting the correct statistical test. The following illustration provides
a visual summary of how these levels differ in terms of magnitude, equal intervals, and the
presence of a true zero point, which separates interval from ratio data:

Levels of Measurement

Nominal Ordinal Interval Ratio
"Eye color" "Level of satisfaction” "Temperature" "Height"
MNamed MNamed MNamed MNamed
Matural order Matural order Matural order
Equal interval between | Equal interval between
variables variables

Has a "true zero" value,
thus ratic between
values can be calculated

Variables measured on the interval scale lack a true zero point, meaning zero does not indicate
the complete absence of the measured quantity. Common examples include standardized test
scores and temperature readings (where 0°C does not mean 'no heat'). Conversely, variables
measured on a ratio scale possess a true zero, allowing for meaningful ratio comparisons (e.g., 20
kg is twice as heavy as 10 kg). Ratio variables are ubiquitous in physical measurements.

If the variables in question are measured at an ordinal level (data that can be ranked, but the
distance between ranks is inconsistent, like survey satisfaction scores), the Pearson coefficient is
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statistically inappropriate. In such cases, alternative non-parametric methods designed for ranked
data, such as Spearman's Rho or Kendall's Tau, should be utilized to assess the monotonic
relationship between the variables.

Interval Scale Examples: Temperature (Fahrenheit or Celsius), Credit Scores (e.g., 300 to 850
range), and SAT Scores (e.g., 400 to 1,600 range).

Ratio Scale Examples: Height (measured in centimeters or inches), Weight (measured in
kilograms or pounds), and Length (measured in meters or feet).

Assumption 2: Verifying a Linear Relationship

The Pearson correlation specifically measures the strength of the straight-line association
between two variables. Consequently, a fundamental assumption is that a strong linear relationship

exists between the two variables being analyzed. If the underlying relationship is curvilinear (e.g.,
U-shaped or parabolic) or exponential, the Pearson coefficient will severely underestimate the true
relationship or provide a misleading value close to zero.

The most straightforward and effective method for checking this assumption is through visual
inspection using a scatter plot. By plotting the independent variable (X) on the horizontal axis and
the dependent variable (Y) on the vertical axis, we can immediately observe the general trend of
the data points. If the points cluster closely around an imaginary straight line, as shown in the
positive example below, the assumption of a linear relationship is satisfied.
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Conversely, if the scatter plot reveals a random, dispersed cloud of points, or if the points clearly
trace a non-linear pattern (such as the quadratic example illustrated below), then the linear
relationship assumption is violated. In these scenarios, applying the Pearson correlation coefficient

is inappropriate, as it will fail to accurately capture the true association between the variables. If a
non-linear relationship is identified, researchers should explore data transformations or non-linear
regression models.

PSYCHOLOGICAL SCALES scales.arabpsychology.com



https://en.wikipedia.org/wiki/Linearity
https://en.wikipedia.org/wiki/Linearity
https://en.wikipedia.org/wiki/Pearson_correlation_coefficient
https://scales.arabpsychology.com/?p=103706
https://scales.arabpsychology.com
https://scales.arabpsychology.com

How to Easily Check the 5 Key Assumptions for Pearson Correlation

Quadratic Relationship

100

O
90 0] o
80 @)
O
70
O
60 O
> 50 O
@]
40
30 0 o
20
@)
10
0
0 10 20 30 40 50 60 70
X

Assumption 3: Assessing Univariate Normality

The third major assumption for the Pearson correlation is that both continuous variables are drawn
from populations that are approximately normally distributed. While Pearson correlation is relatively

robust to minor deviations from normality, particularly with large sample sizes, severe skewness or
kurtosis can distort the standard errors and confidence intervals, making hypothesis testing
unreliable. Checking normality is generally done for each variable independently (univariate
normality).

Visual Checks for Normality

Visual checks offer a quick and intuitive way to assess the distribution shape. The two most
common graphical methods are the Histogram and the Q-Q Plot (Quantile-Quantile Plot). For a
histogram, data is considered approximately normally distributed if the bars form a symmetrical,

bell-shaped curve centered around the mean:
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The Q-Q plot compares the theoretical quantiles expected from a perfect normal distribution (x-
axis) against the actual sample quantiles observed in your data (y-axis). If the data is normally
distributed, the points should align closely along a straight diagonal line, typically at a 45-degree
angle. Significant deviations from this line, especially at the tails, suggest problems with the

normality assumption:
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sample

theoretical

Formal Statistical Testing for Normality

While visual inspection is helpful, formal statistical tests provide objective measures of deviation
from normality. These tests calculate a test statistic and an associated p-value. If the resulting p-
value is less than a predetermined significance level (e.g., $alpha = 0.05%), we reject the null
hypothesis, indicating sufficient evidence of non-normality.

Three statistical tests commonly used to determine if a variable is normally distributed include:
1. The Jarque-Bera Test

2. The Shapiro-Wilk Test

3. The Kolmogorov-Smirnov Test

If severe non-normality is detected, appropriate data transformations may be necessary before
proceeding with the Pearson correlation, or researchers might consider using non-parametric
correlation methods.

Assumption 4: Ensuring Related Pairs of Observations

The fourth assumption, often referred to as "paired observations"” or "related pairs," is perhaps the
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most fundamental requirement for calculating any bivariate correlation coefficient. It requires that
every single data point in your dataset corresponds to a unique pair of measurements--one value
for variable X and one value for variable Y--collected from the same subject or unit of observation.

This assumption ensures that the relationship being measured is genuinely between the two
specified variables within the same context. For instance, if you are calculating the correlation
between weight and height, each row in your dataset must contain the weight measurement and
the corresponding height measurement for a single individual. Mixing measurements from different
individuals or non-corresponding time points would violate this prerequisite.

Fortunately, checking the related pairs assumption is a straightforward data management task.
Researchers simply need to verify the integrity of the data structure, ensuring that for every
observation unit, complete and paired values exist for both variables involved in the correlation
analysis. Missing data for either X or Y for a specific unit means that unit must typically be
excluded from the calculation.

Assumption 5: The Critical Role of Outliers

The final assumption concerns the presence of extreme data points, or outliers. The Pearson

correlation coefficient is highly sensitive to outliers because its calculation involves squaring

deviations from the mean. A single observation that lies far away from the rest of the data cluster
can drastically inflate or deflate the calculated coefficient, leading to an inaccurate representation
of the relationship present in the majority of the data.

To illustrate this sensitivity, consider a dataset demonstrating a strong positive linear relationship.

Using the example data set provided below, which contains only consistent data points, the
correlation is very high:
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X Y
6 10
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8 17
9 18
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13 28
14 30
15 36
17 34
19 37
13 30
14 26
19 36

Based on this clean dataset, the Pearson correlation coefficient between variables X and Y is
calculated as 0.949, indicating a very strong positive association.

Now, observe the profound impact when a single outlier is introduced into the dataset. The
extreme nature of this one point pulls the regression line (and thus the correlation measure)

significantly:
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With the introduction of this single influential data point, the new Pearson correlation coefficient
between X and Y drops dramatically to 0.711. This substantial change emphasizes the need to
identify and manage outliers, often through visualization (scatter plots or box plots) or established
statistical methods (like IQR criteria or Z-scores). Depending on the nature of the outlier,

researchers may choose to remove it, transform the data, or utilize robust correlation techniques
that are less sensitive to extreme values.

Summary and Next Steps

Successfully applying the Pearson correlation coefficient relies entirely on meeting its five key
assumptions: ensuring continuous data (interval/ratio), verifying a clear linear relationship,

confirming approximate normality for each variable, maintaining paired observations, and carefully
addressing the impact of outliers. By meticulously checking these criteria--through visual tools like
scatter plots, histograms, and Q-Q plots, and through formal tests--researchers can be confident in
the validity and robustness of their correlation analysis results.

Ignoring these statistical prerequisites risks misinterpreting the relationship between variables,
potentially leading to flawed conclusions in academic or industry research. Always prioritize data
validation before interpretation.
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The following tutorials provide additional information about Pearson correlation:
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