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PySpark: Check if Column Contains String

Analyzing String Checks in PySpark

The ability to efficiently search and filter data based on textual content is a fundamental
requirement in modern data processing. When working with large-scale datasets using PySpark,
developers frequently need to determine if a specific string or substring exists within a column of a
DataFrame. This capability is critical for data validation, ETL pipelines, and targeted data
extraction. Unlike traditional Pandas operations, PySpark leverages distributed computing,
meaning the methods we employ must be optimized for performance across a cluster.

This guide details several authoritative techniques for performing these string containment checks
within a DataFrame. We will explore scenarios ranging from checking for an exact match to
identifying the presence of a partial substring and, finally, quantifying the total number of
occurrences. Understanding the nuances of each method--specifically the use of the . wher e()
clause versus the . filter () operation combined with built-in column functions--is essential for
writing clean and performant code in a distributed environment.

Below, we introduce the three primary methods we will explore in depth. These techniques utilize
core PySpark functionalities to return a Boolean result indicating existence or an integer count
representing the frequency.

Method 1: Check if Exact String Exists in Column

#check if 'conference' column contains exact string 'Eas’ in any row
df.where(df.conference=="Eas').count()>0

Method 2: Check if Partial String Exists in Column (Substring Check)

#check if ‘conference' column contains partial string 'Eas’ in any row
df filter(df.conference.contains('Eas")).count()>0

Method 3: Count Occurrences of Partial String in Column

#count occurrences of partial string 'Eas’ in 'conference' column
df filter(df.conference.contains(‘Eas")).count()

Setting Up the Environment and Sample Data

Before diving into the specific string matching functions, it is necessary to establish the computing
environment by initializing a SparkSession and creating the sample DataFrame that will be used
throughout our examples. The SparkSession is the entry point for all PySpark functionality,
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providing the necessary context for distributed operations. We utilize a small, representative
dataset to clearly illustrate how each filtering method affects the result set.

Our sample DataFrame, named df , contains basic sports team information, including the team
identifier, the conference name, and points scored. This structure allows us to test both exact value
comparisons (like 'East' == 'East’) and partial substring matches (like checking if 'Eas' is present
within 'East’). Paying close attention to the definition of the data and column names will help in
understanding the subsequent filtering logic.

The following code block demonstrates the standard procedure for setting up the environment,
defining the schema, inputting the data, and viewing the initial structure of our sample DataFrame.

from pyspark.sqgl import SparkSession
spark = SparkSession.builder.getOrCreate()

#define data
data =,

]

#define column names
columns =

#create dataframe using data and column names
df = spark.createDataFrame(data, columns)

#view dataframe
df.show()

B S — +
[team|conference|points|
R S S — +

| A] East| 11|

| Al East| 8|

| Al East| 10|

| B] West| 6|

| B| West| 6|

| C| East| 5]

B S S — +

PSYCHOLOGICAL SCALES scales.arabpsychology.com



https://spark.apache.org/docs/latest/api/python/reference/api/pyspark.sql.DataFrame.html
https://spark.apache.org/docs/latest/api/python/reference/api/pyspark.sql.DataFrame.html
https://scales.arabpsychology.com/?p=92574
https://scales.arabpsychology.com
https://scales.arabpsychology.com

PySpark: Check if Column Contains String

Method 1: Checking for an Exact String Match

When the goal is to verify whether a specific, full string value exists within a column, we must use
an equality check. In PySpark, this is most cleanly achieved using the . wher e() transformation
combined with the standard Python equality operator (==). This method assesses every row in the
specified column against the provided search string. It is crucial to remember that this operation is
inherently case-sensitive unless explicitly modified using functions like | ower () or upper ()
beforehand.

The core logic involves filtering the DataFrame to only include rows where the column exactly
matches the target string. Subsequently, we use . count () to determine the number of matching
records. If the count is greater than zero, we know at least one row contains the exact target string.
This combined operation is typically wrapped in a comparison (> 0) to yield a final Boolean result,
which is highly effective for quick conditional checks across a distributed dataset.

Consider the scenario where we wish to check if the exact string 'Eas’ is present in the
conf er ence column. Since our data contains 'East' and 'West', but not 'Eas' as a standalone value,
the exact match operation should yield a negative result, even though 'Eas' is a substring of 'East'.
This critical distinction between exact matching and partial substring searching dictates the choice
of method used in PySpark data filtering.

Example 1. Demonstrating Exact String Non-Existence

The following code executes the exact match check against the conf er ence column using the
search term 'Eas'. We expect this to return Fal se because no cell contains that precise three-
character sequence as its complete value.

#check if 'conference' column contains exact string 'Eas' in any row
df.where(df.conference=="Eas’).count()>0

False

The output returns the Boolean value Fal se. This result confirms that no row in the conf er ence
column holds the exact value 'Eas'. This illustrates the strict nature of the equality comparison: the
entire cell content must precisely match the query string for a match to be registered.

Method 2: Identifying the Existence of a Partial Substring

Often, data validation requires checking for the presence of a short sequence of characters (a
substring) within a longer string, regardless of the surrounding characters. For this purpose,
PySpark provides the powerful . cont ai ns() method, which is applied directly to the column
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object. This method returns a column of Boolean values (True/False) indicating whether the
substring was found in each corresponding row.

The . cont ai ns() function is highly versatile for operations like fuzzy matching, detecting key
terms in descriptive fields, or verifying data prefixes and suffixes. When combined with the
.filter() transformation, we can isolate only those rows where the substring check evaluates to
True. The . filter() method is generally preferred over . wher e() in modern PySpark syntax for
clarity when using column functions, although both achieve similar results in simple selection
queries.

To determine if the substring exists anywhere in the column across the entire DataFrame, we
again chain the . count () operation and check if the resultant count is greater than zero. This
sequence is the programmatic way to achieve a Boolean existence test for partial matches in a
distributed environment, ensuring that the computation remains efficient.

Example 2: Verifying Partial Substring Existence

We will now use . cont ai ns(' Eas') on the conf er ence column. Since 'Eas' is contained within
the full string 'East’, we expect this operation to successfully identify matching rows and yield a
positive existence result.

#check if ‘conference' column contains partial string 'Eas’ in any row
df filter(df.conference.contains('Eas")).count()>0

True

The resulting output is True. This confirms that at least one row in the conf erence column
contains the partial string 'Eas’. This result contrasts sharply with the strict exact matching
demonstrated in Example 1 and highlights why choosing the correct method (equality vs.
containment) is essential based on the requirements of the data task.

Method 3: Counting All Occurrences of a Substring

While knowing whether a substring exists (a Boolean check) is useful, data analysis often requires
quantifying the frequency of that substring. Determining the exact count of matching rows provides
crucial insight into data distribution and quality. Method 3 builds directly upon Method 2, leveraging
the same filtering mechanism but focusing purely on the aggregation step.

To count all occurrences, we utilize the same chain of operations: selecting the column, applying
the . cont ai ns() function to generate the conditional expression, passing that expression to
.filter() to isolate the matching rows, and finally invoking . count () to return the total number
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of filtered rows. The result is an integer representing the total number of records where the target
substring was found.

It is important to note that the . count () operation in PySpark forces an action, causing the
execution of the defined transformations (the filtering) across the distributed cluster. This makes it
an efficient way to get a quick summary statistic without having to collect the entire filtered
DataFrame back to the driver program. This approach minimizes data movement and is highly
scalable.

Example 3. Quantifying Substring Frequency

We apply the counting methodology to determine exactly how many times the partial string 'Eas'
appears within the conf er ence column of our sample DataFrame.

#count occurrences of partial string 'Eas' in 'conference' column
df filter(df.conference.contains('Eas')).count()

4

The output returns the integer 4. Reviewing our sample DataFrame confirms this result: three rows
associated with team 'A' and one row associated with team 'C' all contain the value 'East’, which
successfully matches the substring 'Eas'. The remaining two rows contain ‘West' and are therefore
excluded from the count. This provides a precise frequency measurement essential for reporting
and analytics.

Advanced Considerations: Case Sensitivity and Performance

A critical factor in PySpark string operations is case sensitivity. By default, both the exact match
(==) and the partial match (. cont ai ns() ) functions are case-sensitive. If your search query is 'eas'
(lowercase) and the data holds 'East’ (Title Case), the default operation will return Fal se. For
robust data pipelines where capitalization may vary, it is necessary to standardize the case of the
column prior to the search.

To perform a case-insensitive search, the standard practice involves using the .| ower () or
. upper () transformation on the target column before applying the filter condition. For instance, to
check for the partial string 'eas' regardless of case, one would write:
df .filter(df.conference.lower().contains('eas')).count(). This transformation ensures
that both the column content and the search term are evaluated in a consistent casing, maximizing
the match rate without requiring multiple complex checks.

Furthermore, for significantly more complex pattern matching that goes beyond simple substring
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existence, PySpark offers the . rli ke() function, which supports Regular Expressions. While

. cont ai ns() is generally sufficient and highly performant for basic substring checks, . rli ke()
provides the expressive power needed for intricate pattern validation, such as matching specific
formats (e.g., email addresses, phone numbers, or structured codes). Choosing between
.contains() and . rlike() should be guided by the complexity of the pattern and the need to
balance performance against flexibility, as regular expression processing can introduce overhead.

Conclusion: Selecting the Right String Check Method

Effectively checking for string containment in a DataFrame requires selecting the appropriate
method based on the query's objective. For strict validation where the cell content must be
identical, the exact equality operator (==) combined with . wher e() is the correct choice.
Conversely, when searching for keywords or partial sequences embedded within longer text, the
. cont ai ns() method used with . filter () is superior.

Regardless of the method chosen, always consider the default case sensitivity and apply
.l ower () or.upper () transformations if case-insensitivity is required for your data cleaning or
filtering tasks. By mastering these fundamental string manipulation techniques, users can
efficiently handle and analyze large textual datasets within the distributed environment provided by

PySpark.
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