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Plot a Binomial Distribution in R

Foundations of Statistical Computing and Visualization in R

The R programming language has established itself as the premier environment for statistical
analysis and high-fidelity data visualization. Originally developed as an open-source

implementation of the S language, R provides an extensive ecosystem of built-in functions and
external packages designed to handle complex data structures with ease. For researchers and
data scientists, R is more than just a programming language; it is a comprehensive software

environment that facilitates the exploration of theoretical probability models and empirical datasets
alike.

One of the core strengths of R lies in its ability to generate sophisticated graphical
representations of mathematical concepts. Whether a user is performing a simple linear
regression or simulating high-dimensional stochastic processes, R offers the tools necessary to
translate abstract numerical data into clear, interpretable visuals. This is particularly relevant when
dealing with discrete probability distributions, where the visual structure of the data can provide
immediate insights into the underlying likelihood of specific outcomes. By leveraging the base
graphics system or advanced libraries like ggplot2, users can achieve a high degree of precision
in their statistical modeling workflows.

In the context of probability theory, the ability to plot a binomial distribution is a fundamental skill.

This process allows analysts to observe how changes in experimental parameters affect the overall
shape and spread of the distribution. R simplifies this task by providing standardized functions that
calculate probabilities based on the binomial formula, removing the need for manual, error-prone
calculations. Through the following exploration, we will detail the precise methodologies required to
construct, customize, and interpret binomial plots using the native capabilities of the R
environment.

Theoretical Mechanics of the Binomial Distribution

The binomial distribution is a discrete probability distribution that summarizes the likelihood that

a value will take one of two independent values under a given set of parameters or assumptions. It

is fundamentally built upon the concept of Bernoulli trials, which are experiments where exactly
two outcomes are possible--typically classified as "success" and "failure.” For a distribution to be
considered binomial, the experiment must consist of a fixed number of trials, each trial must be
independent of the others, and the probability of success must remain constant across all trials.

Mathematically, the binomial distribution is defined by two primary parameters: the number of
trials, often denoted as n, and the probability of success in a single trial, denoted as p. The
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probability mass function (PMF) provides the probability of achieving exactly k successes in n

trials. Understanding this function is critical for any statistical analysis involving binary outcomes,

such as quality control in manufacturing, clinical trial results, or even simple games of chance like
coin flipping.

When visualizing this distribution, we are essentially plotting the PMF across all possible values of
k, ranging from zero successes to n successes. The resulting shape of the distribution provides a
visual cue regarding its skewness and variance. For instance, when p is equal to 0.5, the
distribution appears perfectly symmetrical, resembling a normal distribution as n increases.
Conversely, when p is low or high, the distribution becomes skewed. R allows us to
programmatically explore these variations by manipulating the arguments within its core statistical
functions.

Implementing the dbinom Function for Probability Calculations

To plot the probability mass function for a binomial distribution in R, we rely on a suite of
specialized functions designed for this purpose. The most critical of these is the dbinom() function.
This function is part of R's "d-p-g-r" family of probability functions, where "d" stands for "density" (or
mass in the case of discrete variables). The dbinom() function calculates the exact probability of a
specific number of successes occurring within a defined number of trials given a set success rate.

The dbinom() function requires three primary arguments to operate effectively: x, size, and prob.
The x argument represents the vector of outcomes (the number of successes) for which we want
to calculate the probability. The size argument specifies the total number of Bernoulli trials being

conducted. Finally, the prob argument defines the probability of success on each individual trial.
By passing a sequence of numbers to the x argument, R can calculate the probability for every
possible outcome simultaneously, which is the first step in generating a comprehensive plot.

In addition to dbinom(), R provides the plot() function to transform these calculated probabilities
into a visual format. When plotting a discrete distribution, it is standard practice to use a specific
plot type that emphasizes the individual nature of the outcomes. The following functions are used
to achieve this:

dbinom(x, size, prob): This is used to create the probability mass function by calculating the

likelihood for each point in the sample space.

plot(x, y, type ='h"): This command generates the visual output. Specifying type ='h" is essential
as it instructs R to create a histogram-like vertical line plot, which accurately represents the
discrete nature of the data.

To initiate the plotting process, the user simply needs to define the size (the total number of trials)
and the prob (the probability of success) within the dbinom() function. This results in a set of y-
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values that correspond to the probabilities of the x-values. For example, the following code block

demonstrates the fundamental syntax for plotting a binomial distribution where the number of
trials is 20 and the probability of success is 30%:

success <-0:20

plot(success, dbinom(success, size=20, prob=.3),type='h")
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Interpreting the Basic Binomial Plot

Upon executing the basic plotting command, R generates a window containing the graphical
representation of the distribution. In this visualization, the x-axis represents the discrete number of
successes, ranging from zero (no successes in all trials) to the total number of trials (in this case,
20). The y-axis represents the probability associated with each of those specific outcomes. Each
vertical line corresponds to a single point in the sample space, and the height of the line indicates
how likely that particular outcome is to occur.

In our specific example where n=20 and p=0.3, the peak of the distribution--also known as the
mode--occurs around the expected value. The expected value of a binomial distribution is

calculated as n multiplied by p. For these parameters, 20 * 0.3 equals 6. Looking at the plot, we
can see that the highest vertical lines are clustered around 6, which confirms our theoretical
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expectations. As we move away from the expected value toward 0 or 20, the height of the lines
decreases significantly, indicating that extreme outcomes are highly improbable.

While the basic plot is functional for a quick statistical analysis, it often lacks the clarity required

for formal reports or presentations. The default labels are often the variable names used in the
code, and the lines may be too thin to see clearly. However, this initial visualization serves as a
crucial diagnostic tool, allowing the user to verify that the probability mass function has been

calculated correctly before proceeding to more advanced customization and aesthetic refinement.

Advanced Customization for Enhanced Visual Communication

To make a data visualization truly effective, one must consider the audience and the context in

which the data is being presented. R provides an extensive array of graphical parameters that can
be modified within the plot() function to improve readability and aesthetic appeal. By adding
descriptive titles, clear axis labels, and adjusting line weights, we can transform a simple diagnostic
plot into a professional-grade graphic suitable for academic or corporate environments.

The main argument is used to add a primary title to the plot, while xlab and ylab allow the user to
define custom labels for the horizontal and vertical axes, respectively. Furthermore, the Iwd (line
width) argument is particularly useful when using type='h', as it thickens the vertical bars, making
the distribution easier to perceive. Color can also be added using the col argument to differentiate
the plot from the background or to highlight specific data points. These enhancements ensure that

the statistical analysis is not only accurate but also visually compelling.

The following code block demonstrates how to apply these enhancements to our previous
binomial distribution example. Notice how the addition of these arguments makes the resulting

graph much more informative at a single glance:
success <- 0:20

plot(success,dbinom(success,size=20,prob=.3),
type="h’,

main='Binomial Distribution (n=20, p=0.3)',
ylab="Probability",

xlab ="# Successes',

lwd=3)
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Binomial Distribution (n=20, p=0.3)
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Managing Numerical Precision and Scientific Notation

When working with probability functions like dbinom(), R often encounters very small numbers,
especially when calculating the likelihood of extreme outliers. By default, R may display these
values using scientific notation (e.g., 1e-05) to save space and maintain numerical accuracy.

While this is efficient for calculations, it can be difficult for human readers to interpret when they are
looking for a straightforward probability value. Fortunately, R provides global options to control this
behavior and force the display of fixed-point decimals.

The options(scipen=999) command is a common "trick" used by R users to disable scientific
notation. The scipen (scientific penalty) option tells R how much it should "penalize" the use of
scientific notation; by setting it to a very high number like 999, we effectively ensure that R will
almost always prefer standard decimal formatting. This is particularly helpful when printing the
results of a dbinom() calculation to the console, as it allows for a more direct comparison of the
probabilities across different numbers of trials.

Once the scipen option is adjusted, we can view the raw probabilities that correspond to our visual
plot. This step is essential for validating the data visualization. By examining the numerical
output, we can verify that the sum of all probabilities equals exactly one, which is a fundamental
requirement for any valid probability mass function. The code below illustrates how to define the
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range, adjust the display options, and output the probability values for our distribution:

#prevent R from displaying numbers in scientific notation
options(scipen=999)

#define range of successes
success <- 0:20

#display probability of success for each number of trials
dbinom(success, size=20, prob=.3)

0.00079792266297612 0.00683933711122388 0.02784587252426865
0.07160367220526231 0.13042097437387065 0.17886305056987975
0.19163898275344257 0.16426198521723651 0.11439673970486122
0.06536956554563482 0.03081708090008504 0.01200665489613703
0.00385928193090119 0.00101783259716075 0.00021810698510587
0.00003738976887529 0.00000500755833151 0.00000050496386536
0.00000003606884753 0.00000000162716605 0.00000000003486784

Analyzing the Practical Implications of the Data

Analyzing the numerical output provided by R allows for a deeper understanding of the binomial
distribution. In the output above, index corresponds to zero successes, index to one success, and
so on. We can observe that the probability of having exactly zero successes out of 20 trials (where
each trial has a 30% success rate) is quite low--approximately 0.00079. Conversely, the probability
of having 6 or 7 successes is quite high, peaking at approximately 0.1916 for 6 successes. This
numerical data provides the precision that a visual histogram can only approximate.

Furthermore, these probabilities can be used to calculate cumulative probabilities using the
pbinom() function, which is another critical component of statistical analysis in R. While

dbinom() gives the probability of an exact value, pbinom() gives the probability of obtaining a
value less than or equal to a certain number. This is vital for hypothesis testing and determining p-
values. By mastering the dbinom() function and its visualization, users build a foundation for more
complex statistical operations, such as power analysis and experimental design.

The versatility of R means that this same workflow can be applied to any discrete probability
distribution, including the Poisson or Geometric distributions. The consistency in R's syntax--
using "d" for density and a standard plot() interface--makes it an incredibly efficient tool for
students and professionals. By combining visual plots with raw numerical data, analysts can
ensure their conclusions are backed by both intuitive graphical evidence and rigorous
mathematical calculation.
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Conclusion and Further Learning Resources

In summary, R provides a robust and user-friendly framework for calculating and visualizing the
binomial distribution. By utilizing the dbinom() function to generate a probability mass

function and the plot() function to create histogram-like visuals, users can effectively
communicate the likelihood of various outcomes in a series of independent Bernoulli trials. The

ability to customize these plots with labels, titles, and improved line widths further enhances the
clarity of the data visualization, making it a powerful tool for any statistical endeavor.

As you continue to develop your skills in statistical analysis using R, it is helpful to explore how

different parameters change the behavior of your distributions. Experimenting with larger trial
sizes or varying success probabilities will help you gain an intuitive feel for the mathematics of
chance. Additionally, learning to handle scientific notation and numerical output ensures that

your data remains accessible and interpretable to all stakeholders.

For those interested in deepening their understanding of these concepts, there are many
authoritative resources available online. Understanding the theoretical underpinnings of these
distributions is just as important as knowing the code to plot them. To expand your knowledge,
consider exploring the following introductory guides and specialized topics regarding binomial
distributions and their applications in the field of statistics:

An Introduction to the Binomial Distribution

Understanding the Shape of a Binomial Distribution
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