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Calculate MAD in R

The calculation of variability is a fundamental step in statistical analysis, allowing researchers to
guantify the spread or dispersion within a dataset. While metrics like variance and standard
deviation are commonly employed, they often prove highly sensitive to extreme values. This
sensitivity necessitates the use of more robust alternatives, such as the Median Absolute Deviation

(MAD). The term MAD can sometimes refer to the Mean Absolute Deviation, but in the context of
robust statistics and the built-in functions provided by R, it almost universally denotes the Median
Absolute Deviation.

The Median Absolute Deviation provides an estimate of the spread of a dataset based on the

median, rather than the mean. Unlike traditional deviation measures, MAD focuses on how far
observations are from the center of the distribution, where the center is defined by the median.
This approach offers significant advantages when dealing with real-world data, which frequently
contains inconsistencies, measurement errors, or influential outliers. Understanding and
implementing MAD in R is crucial for statisticians and data scientists seeking stable and reliable
measures of dispersion.

The Median Absolute Deviation is specifically designed to measure data spread in a way that
minimizes the influence of data points that lie far outside the main cluster. It is a highly effective
measure of statistical dispersion that forms the backbone of many robust statistical methods. When
choosing a metric for variability, especially in exploratory data analysis or quality control, the
robustness of MAD makes it a preferred choice over its mean-based counterparts, which can be
dramatically inflated by even a single extreme observation.

Understanding the Median Absolute Deviation (MAD)

It is important to recognize that the core strength of MAD lies in its reliance on the median. The
median itself is a robust statistic, meaning it changes very little even when a small percentage of
the data is corrupted or contains unusual values. By basing the measure of spread on deviations
from the median, the resulting MAD statistic inherently inherits this robustness, making it
significantly less affected by outliers than other measures like standard deviation and variance,

which are calculated using the mean.

Consider a scenario where a dataset representing salaries is contaminated by a few extremely
high executive bonuses. The mean salary would be pulled upwards, falsely inflating the perceived
central tendency and subsequently inflating the standard deviation, suggesting a wider spread than
truly exists among the typical employees. In contrast, the median salary remains stable, providing
a more accurate representation of the center, and the Median Absolute Deviation provides a truer

measure of the typical distance from that central value. This characteristic makes MAD
indispensable in fields such as financial modeling, machine learning preprocessing, and
environmental data analysis where data cleaning is paramount.
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The formula used to calculate the Median Absolute Deviation, often abbreviated simply as MAD,

captures this process precisely. It involves three simple but powerful steps: finding the median of
the data, calculating the absolute deviations from that median, and finally, finding the median of
those resulting absolute deviations. This double-median process ensures maximal resistance to
skewness and extreme values, making the resulting dispersion measure highly reliable.

The Mathematical Formula and Interpretation

The mathematical definition of the Median Absolute Deviation clearly illustrates its structure as a
robust estimator of scale. For a dataset $X = {x_1, x_2, dots, x_n}$ with $x_m$ representing the
median of the data, the MAD is defined as:

MAD = median(|xi - xm|)
where:

xi: Represents the ith value in the dataset, referring to each individual observation.
xm: Represents the median value of the entire dataset X, serving as the central reference point for
deviation.

However, for consistency with the standard deviation when the data is normally distributed, R's

built-in mad() function and statistical literature often apply a scaling factor. This scaling factor,
conventionally 1.4826 (which is $1 / (Phi*{-1}(0.75))$ where $Phi$ is the cumulative distribution
function of the standard normal distribution), ensures that the calculated MAD is a consistent
estimator of the population standard deviation ($sigma$) for data that follows a normal distribution.
Without this scale factor, MAD would typically underestimate $sigma$.

When interpreting the resulting MAD value, one should understand that it quantifies the typical
distance a data point is from the median. A smaller MAD indicates that the data points are tightly
clustered around the central tendency, suggesting low variability. Conversely, a large MAD
signifies that the data points are widely dispersed, indicating high variability. Because of the scaling
factor in R's implementation, the result can often be directly compared to the standard deviation
calculated for the same dataset, providing context regarding the spread relative to a potentially
inflated standard deviation.

Implementing MAD in R: The mad() Function

The R statistical environment simplifies the calculation of the Median Absolute Deviation through
its built-in function, mad() . This function is part of the base installation and does not require any
external packages, making it readily accessible for immediate use. The primary purpose of this
function is to compute the median absolute deviation adjusted by the default scaling factor (1.4826)
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to estimate the population standard deviation, assuming normality.

The general syntax for the function is mad(x, center = nedian(x), constant = 1.4826,
na.rm = FALSE, |ow = FALSE, high = FALSE). The most crucial arguments are x, which is the
numeric vector or array of data, and const ant, which defaults to the scaling factor required for
consistency with the standard deviation under Gaussian assumptions. If a user wished to calculate
the unscaled, theoretical MAD (i.e., just the median of the absolute deviations), they would set the
const ant argumentto 1.

The following examples demonstrate the practical application of the nad() function across different
common data structures in R, starting with the simplest case of a single numeric vector. This
hands-on approach illustrates how analysts can quickly integrate robust scale estimation into their
data processing workflows, moving beyond reliance on sensitive measures like the standard
deviation.

Example 1. Calculate MAD for a Vector

The most straightforward application of the mad() function involves calculating the Median
Absolute Deviation for a simple, one-dimensional array of numbers, commonly referred to as a
vector in R. This initial example clearly shows the basic command structure and output when
working with raw numerical data. We define a sample dataset and then apply the function directly
to calculate the measure of spread.

We define our data vector below, which contains ten distinct numeric values. We then call the
mad() function on this vector. R automatically calculates the median, determines the absolute
deviations, finds the median of those deviations, and finally applies the default scaling factor of
1.4826 to provide the final, scaled MAD value. This result serves as a robust estimate of the
population standard deviation.

#define data
data<-c¢(1,4,4,7,12, 13, 16, 19, 22, 24)

#calculate MAD
mad(data)

11.1195

The resulting Median Absolute Deviation for this specific dataset is calculated to be 11.1195. This

single value encapsulates the typical dispersion of the data points around the median (which is
12.5 in this case). Had we used the traditional standard deviation, we might have found a slightly
different, and potentially more sensitive, measure of spread. The calculated MAD value is crucial
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when comparing the variability of this dataset against others, particularly if those other datasets are
known to contain extreme values or outliers.

Example 2: Calculate MAD for a Column in a Data Frame

In real-world data analysis, data is almost always organized into two-dimensional structures, such
as a data frame. A data frame consists of multiple columns, where each column represents a

different variable. When we need to calculate the dispersion for a specific variable, we must
reference that particular column within the data frame structure using the dollar sign ($) operator.

This example demonstrates how to set up a sample data frame named dat a, containing three
columns (x, y, and z). We then focus specifically on calculating the MAD for column vy, illustrating
the syntax required to extract a single vector from the broader data structure for calculation. This
approach is standard practice when conducting univariate analysis within a multivariate context.

#define data

data <- data.frame(x =c(1, 4, 4, 6, 7, 8, 12),
y=c(3,4,6,8,8,9,19),
c(2,2,2,3,5,8,11))

z

#calculate MAD for column y in data frame
mad(data$y)

2.9652

Upon execution, the Median Absolute Deviation for column y is determined to be 2.9652. This

value indicates the robust measure of spread for the variable y, providing a resistance to the high
value of 19 included in that column. If the analyst were concerned about the presence of
measurement error or influential points in the y variable, the MAD value offers a stable benchmark
for scale, contrasting favorably with potentially volatile standard deviation metrics.

Example 3: Calculate MAD for Multiple Columns in a Data Frame

While calculating MAD for a single column is useful, analysts often need to compute summary
statistics across all or many variables within a data frame simultaneously. R offers powerful tools
for applying functions iteratively across elements of a list or columns of a data frame. The
sappl y() function is an excellent utility for this purpose, as it applies a specified function (in this
case, mad() ) to every column of the input data structure and attempts to simplify the result into a
vector or array, resulting in a clean output of summary statistics.

The following code defines the same sample data frame as before, but instead of specifying a
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single column, we pass the entire data frame object dat a to the sappl y() function, instructing it to
calculate the Median Absolute Deviation for every column. This technique is highly efficient for data
exploration and scaling operations, avoiding repetitive manual calculations for each variable.

#define data

data <- data.frame(x =c(1, 4, 4, 6, 7, 8, 12),
y=c¢(3,4,6,8,8,9,19),
z=c(2,2,2,3,5,8,11))

#calculate MAD for all columns in data frame
sapply(data, mad)

XYz
2.9652 2.9652 1.4826

The output of the sappl y() function provides the Median Absolute Deviation for each variable
concisely. Specifically, the MAD is 2.9652 for column x, 2.9652 for column y, and 1.4826 for
column z. This structure facilitates quick comparison of the variability across different metrics within
the dataset, immediately highlighting that variable z exhibits significantly less dispersion than
variables x and y, as measured by this robust statistic. This method scales easily for data frames
containing dozens or even hundreds of variables.

Advanced Customization: Controlling the Scaling Factor

As mentioned previously, the default behavior of the mad() function in R includes a constant
scaling factor (1.4826) to ensure the result approximates the standard deviation for normally

distributed data. While this is useful for comparative analysis, there are specific statistical contexts
where the analyst may wish to use the raw, unscaled Median Absolute Deviation. For instance, in
non-parametric statistics or when implementing specialized robust algorithms, the pure definition of
MAD (the median of the absolute differences) is required.

To obtain the unscaled MAD, the user must explicitly set the const ant argument to 1 within the
function call. This modification bypasses the adjustment for normality and provides the value
derived purely from the median of the absolute residuals. This is a critical distinction, as the
interpretation of the resulting value changes: it no longer estimates $sigma$ but rather provides the
literal median deviation from the center of the data.

We can apply this customization to our vector from Example 1 to see the effect of removing the
scaling factor. If the scaled MAD was 11.1195, we expect the unscaled MAD to be significantly
smaller. This flexibility in R allows researchers to align their dispersion measure precisely with the
theoretical requirements of their chosen statistical model, whether they require a robust estimator
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of $sigma$ or the raw measure of deviation itself.

# Define data vector again
data <-c(1, 4, 4, 7,12, 13, 16, 19, 22, 24)

# Calculate the unscaled MAD (set constant = 1)
mad(data, constant = 1)

7.5

The unscaled Median Absolute Deviation is 7.5. This value represents the true median of the

absolute differences between the data points and the median (12.5). The difference between
11.1195 (scaled) and 7.5 (unscaled) clearly demonstrates the impact of the scaling factor and
underscores the need for analysts to be aware of the function's defaults when interpreting the
results.

Comparing MAD to Standard Deviation

While the mad() function is designed to approximate the standard deviation ($sigma$) under

normality, its primary utility lies in situations where data deviates significantly from a Gaussian
distribution or is contaminated by extreme outliers. Standard deviation calculates the mean
squared difference from the mean, meaning that squaring the large deviation of an outlier
dramatically increases its influence on the final result, often distorting the perceived variability.

In stark contrast, the Median Absolute Deviation utilizes absolute differences and median
calculations, making it far more resistant to these distortions. The robustness of MAD is often
guantified by its breakdown point. The theoretical breakdown point of the standard deviation is 0%
(a single outlier can entirely skew the result), whereas the theoretical breakdown point of MAD is
50%. This means that MAD can tolerate corruption in nearly half of the dataset before the measure
becomes unreliable, a statistical property that makes it vastly superior for initial data screening and
preprocessing stages.

Therefore, when choosing between these measures, analysts should consider the nature of their
data. If the dataset is known to be clean, symmetric, and unimodal, the standard deviation is a
valid measure. However, if robustness is required--which is often the case in observational studies,
surveys, or sensor readings--the MAD provides a more reliable and stable estimate of scale. Many
automated data processing pipelines leverage MAD for robust scaling and anomaly detection
precisely because of this high breakdown point.
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Conclusion and Best Practices for Using MAD

The Median Absolute Deviation (MAD) is a powerful, robust measure of statistical dispersion. Its

implementation in R via the mad() function is straightforward, whether applied to a simple vector or
complex variables within a data frame. By relying on the median rather than the mean, MAD
effectively minimizes the impact of extreme values, providing an estimate of spread that accurately
reflects the variation within the majority of the data.

Analysts should adopt the practice of calculating MAD alongside the standard deviation. A

significant discrepancy between these two measures (where the standard deviation is much larger
than the MAD) often serves as a red flag, indicating the presence of heavy tails or influential
outliers that warrant further investigation. Using MAD for feature scaling in machine learning
algorithms, particularly those sensitive to distribution shape, can lead to more stable and better-
performing models.

Mastery of robust statistical tools like the mad() function in R is essential for generating reliable
insights from imperfect data. By understanding the underlying mathematical principles, utilizing the
correct syntax for vectors and data frames, and making informed decisions about the scaling
factor, practitioners can ensure their analysis of variability is both rigorous and resistant to
contamination.
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